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EDITORIAL

Mainstream Science on Intelligence: An
Editorial With 52 Signatories, History,
and Bibliography

Lixba 5. GotTmensos
U'niveranty of Delrsare

The following statement was first published in the Wall Street Jowrnal. December

13, 1994,

Mainsiream Science on Intelligence

Simoe the publication of ~The Bell Carve,™
iy comemenialor have offered opinions
abont bumzn imelligesoe that misstase car
rent wwnhific ovidenor Some conclsinm
dismed m the mediy & discediled mre s
tually firmly supgartcd

This sldemend odflimes cof hivoas 1e-
parded &5 weefstam among rescarchers on
intelligence, o partdular, on the sabaie, O0:
gins, snd practical conseguences of indbdu-
all aid grosp diffeencs o belligeace. 1t
aim s o promoie maore reaseed digcsssion
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hns reveslsd i eceet deendes. The Solloe

it refleces o bonader snd desper capabiliny for
cumpichendiag ool wrmoendings—"“calch-
g oe,” making seeme” of things. or “figar-
Ing our™ whist o do

I, Imtelligence, w0 defised, cen be mea-
wared, amd intelligence jests measure it well.
They we kmong e mos] scourae (in echni-
cal lerms, reliable snd valid) of all prrcho-
Ingleal i wnd masisments. They do Al
masune crestiviry, characker, personality, of
ot impurtant ik Femrwes among indnadu:
als, nor are deey imenided w.

3, While there e diffesent types of istel-
Egence ezsils, they el memesse |he iame el
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Narrow Al @ General Al

Narow Al 1s only able to carry oot
one specific trained task

Must be proagrammed by a human to
do a specific task and does not evolve
past what is programmed

General Al ls Dexitile and able to
execute a multitude of tasks

Can be pragrammed to contunially
learn nnd teach itsell
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ARTIFICIAL INTEL LIGENCE

THE MOST PROMINENT USES OF A1 1
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“A computer would deserve

to be called intelligent if it

believing that it was human.”




2000

’} i Dot-com bubble
burst

) @ ) Chief Procurement
_. f J officer becomes more

Rise of eSourcing prevalent in
$ Technologies organizations
Purchasing was considered

a sub-function of the
commercial function

A ) 3

F

Generative Al based systems

* Collaboration networks

* Cognitive Computing for automated
recommendations

* Intelligent Content Extraction

FUTURE

* Digital Supply Networks

* Integrated End-to-End Cloud Solutions
* Advanced Analytics and Visualization
Robotic Process Automation

2014 JOW

916
: 2000

2007

Centre-led procurement N

adopted Adoption “cloud

computing” to support
(5 procurement
. LT
Purchasing becomes

separate function within Electronic Data Interchange N

v
* . organizations widely used
_Q T,
=4 \ 1950s 1991

I

L ¥ 0" R2P transactional

L
processes supported
s / @ within ERP systems
7/

1998

) [ D

Michael Porter developed Rise of
the Value Chain procurement 20 ¥

1980 1986

2015 !
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History of Al

4 Deep Learning
TODAY

® Machine Learning
1980-2010

® Neural Networks
1950-1970



3 TYPES OF

Artificial Intelligence

Computers that
can imitate
human intellect
=lgleNel<igt=\Vilelg

STAGE 2

-

Statistical
algorithms that
enable Al
Implementation
through data

SOURCE: MENTALSTACK

STAGE 3

-

——

Subset of
machine learning
which follows
Nneural networking




A MELDING
OF MINDS

Rooted in computer
science, the evolution
of learning machines
draws from
multiple
disciplines

ARTIFICIAL
INTELLIGENCE

An umbrella term for
computer programs that

can make independent
decisions based on o

supervised and
MACHINE LEARNING

unsupervised
learning
The most common type of artificial
intelligence, where a machine makes
independent decisions but still needs a
human to guide it and correct its mistakes,
not unlike a toddler or adolescent

o
DEEP LEARNING

The most mature version of
artificial intelligence, where
the machine decides on its
own whether its predictions
are right or wrong based on
artificial neural networks—it
learns through its own method
of computing, and the human
sometimes doesn’t know why
or how the machine reaches a
particular conclusion

Self-driving cars and computer
vision, such as facial
recognition technology, rely
on deep learning

Learning
Machines
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Machine Learning

G — |y — 7353

Input Feature extraction Classification Output

Deep Learning

Gip — SIS —

Input Feature extraction + Classification Output
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~ Artificial Intelligence

The theory and development of computer systems able ™
to perform tasks normally requiring human intelligence

"Machine Learningm

Gives computers "the ability to learn
without being explicitly programmed"

Deep Learning

Machine learning algorithms
with brain-like logical
structure of algorithms
called artificial neural

networks

R
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Artificial Narrow
Intelligence (ANI)

Stage-1

Machine
Learning

P Specialises in one area

and solves one problem

II o |%|

Siri Alexa Cortana

Artificial General
Intelligence (AGI)

Stage-2

Machine
Intelligence

» Refers to a computer
thatisassmartasa
human across the
board

Artificial Super
Intelligence (ASI)

aie )

Stage-3

Machine
consciousness

P An intellect that is
much smarter than the
best human brains in
practically every field




Deep Dive Into Deep Learning:

EXPLORING THE TYPES OF Al

B
.

Self-Awareness

— ® — Reactive Machine
Narrow Al = ; o
i = — Theory of Mind
General Al — = -
i = — Limited Memory
Super Al = = o
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Predictive Text to Image
Analytics Speech Recognition

Deep Speech Machine

Learning to Text Vision
Machine o
Learning Speech @ Vision

Classification

Language Data Expert Planning & Robotics
Processing Extraction Systems Optimization
(NLP)

2aBg U sl (50 38 |) T a5 Gl (o (gaulS 4dlge (piiz ) eguan (gD
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Machine Vision

SPEECH 7
Text to Speech VISION EXPERT
Speech to Text &

SYSTEMS

Image Recognition

Deep Learning
§
MACHINE
LEARNING
$

Predictive Analytics

ROBOTICS

PLANNING

Classification
ETrans!ahon AND
Data Extraction OPTIMISATION
LANGUAGE
PROCESSING (NLP)

WHAT AI COVERS




Meaningful
Compression

Structure
Discovery

Image
Classification
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Customer Retention

Big data
Visualistaion

Idenity Fraud
Detection
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Feature
Elicitation

Dimensionality
Reduction

Classification

Diagnostics

Advertising Popularicy
Prediction

Recommender
Syscams

Supervised
Learning

Unsupervised

Learning Weather

Forecasting
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Clustering Regression

largetced
Marketing

Machine

Population
Growzh
Prediction

Market
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Third Edition
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DATA MINH\IG

Concepts and Technigues
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Data ./\. &3 Upnify
~Mining

Data analysis technique used to discover patterns
and relationships in large datasets.

r ' y m—— < i
Dat_a Data
Selection. Transformation
XD

Data
Cleaning

Application Areas: Business, scienti
medical, financial, among othel




esearc Methodology and Data Analysis

THE FUTURE OF DATA MINING

Cem Ufuk Baytar, Ph.D.




Data
Preparation

Pattern
Discovery

Root Cause
Analysis

Personalization

Continuous
Improvement

Decision-Making

Strategic
Planning

Data Mining

Cleans and structures raw
data

Uncovers hidden patterns
and insights

Identifies the causes
behind specific trends

Identifies individual
preferences and behavior

Supports ongoing
refinement of models and
strategies

Provides groundwork for
deeper analysis

Assists in long-term
strategy formulation

Business Intelligence

Accesses and visualizes
clean, organized data

Creates reports,
dashboards, and
visualizations

Presents causal factors
and actionable insights

Personalized reports and
information for users

Monitors changes and
tracks the impact of
decisions

Accesses and visualizes
clean, organized data

Provides historical data
and performance metrics



DATA MINING

ADVANTAGES

§
v

DISADVANTAGES

EXPEDITED
DECISION-MAKING

0
v

PRECISE
FORECASTS

LIMITATIONS
OF BIG DATA

REDUCES
COST

OVER-FITTING
IN MODELS

ENHANCED
CUSTOMER EXPERIENCE

SCALABILITY
ISSUE

LOBAL TECH
OUNCIL

SAFETY
& RELIABILITY

www.globaltechcouncil.org




Steps and Stages of Data Mining in
Business Intelligence

Problem Identification

Data Collection

Data Preparation

Data Understanding

Data Modeling

Data Evaluation

Deployment
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What i< Data Literacy?

Working
with Data
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Structured Data

Often numbers or labels, stored
in a structured framework of
columns and rows relating to

pre-set parameters.
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Semi-unstructured Data

Loosely organized into
categories using meta tags

™ EMAILS BY INBOX, SENT, DRAFT
yf TWEETS ORGANIZED BY HASHTAGS

FOLDERS ORGANIZED BY TOPIC
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Unstructured Data

Text-heavy information that's
not organized in a clearly
defined framework or model.

- MEDIA POSTS, EMAILS, ONLINE REVIEWS

~4 VIDEOS, IMAGES

) SPEECH, SOUNDS
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External data

Web ’
Geo
Files @
3rd parties @
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Internal data

G User’s data

@ Internal documents
@ loT Devices
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Business OQutcome

Increased
Responsiveness and
Quality

Customer Loyalty and
Relationship

Better tracking and
effectiveness of
campaigns

More accurately
tailored products

Underlying Data Business Optimization
Historical customer Customer
service data Service

________ , Productsand Customer
Services Data Behaviour

________ > Automatic Marketi
recognition arxketing

-------- . Sales Data Product

Innovation
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LEVERAGING Al IN SALES & MARKETING TO
IMPROVE CUSTOMER EXPERIENCE




Customer

Experience in
Marketing




6 Al Strategies to Uplift Customer Experience

Customer 360 (C360) Through Al

1. Predicting Survey Scores for Better CX from CX: ; —

2. Engage Employees in Streaming Analytics

3. Watch on NPS for Better CSAT \): More Focus on Use Case

to Drive Value

Marketing Attribution

Personalization Engine
Platform

1. Customer Intelligence Platform
2. Product Intelligence Platform

Use Data to Align with

Machine Learning for Business Objectives

Automated Learning

ATECHMENT TECHNOLOGY




TS0 SaS Lo 4 a3gS>

Al

390 sEgias g0 digie HLBLS
dgoe 3 dgi L hiys glodinjo Llgi»
OAaLS |y Lacaled plw g dmwgs g Gabos

Ao

g0 (sLgias (et WamdNS (Higlidl
FEUS LI A8 Sal pylwdl @ Ailgl e
AT Bla ) canas glesanl g AL

3dge (£gimae (g0 RS inljSl
o ylandl 4o g 335 jU0595 1) wullbg Milgii 40
P32l 9 )5y |y 395 LS L5 35 SaS

A ploul




2l Artand
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& \, Music 0—\
J"’-‘ ; Composition
h Content e——- ’
' Creation

h Fashion and ./
y Product Design

Financial
Forecasting
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Healthcare

“~____» Diagnosis and ||=%

Prognosis
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Detection
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Categorize email responses

i

Out-Of-Office

HubSpit®
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Recruiting

. / - Dynamic career sites
W/ - Smart sourcing

Learning

- Curated training \
- Skill development

* 1\ Onboarding
EMPLOYEE = -
LIFECYCLE A / - Automated messages

- Curated videos

Engagement

- HR chatbot
- Engagement surveys
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3-Step Approach to Assess Al
Adoptionin HR

Distinguish Establish True °
Reality From Potential of
Myth Technology

Assess & Score
Against Success
Criteria

S0uUce Garnne | tn l
® 2023 Gertnar, Inc. and/or tn sffilates. All rights reserved. 2281070 .
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Generative Al Priorities for HR Leaders

Get Grounded on Core
Capabilities

% Plan for the Impact
on the Workforce

Prepare for the Impact
on the HR Function

Gartner.




Ways to Use Al Data Analytics in HR

40

F-=-9
' i
. A7
-4
Enable Enhance
personalization employee
at scale development

—©Q—
&

Proactive
skills gap
analysis

it

Mitigate bias
and promote
fairness

—0)—

J

visier




Alin Marketing

Personalized
customer
experience

Better content
& offers

Improved
performance
metrics

Increased
productivity

Higher
revenue




Data Sources

® ) M

(1) Systems
Vector DB LLMs fﬁ\
A N
4 Supplier —
212- Database I Supply
Chain
LLM Cache, Application
LLMOps,
Validation
I A
\4
¥ D
Orchestration P i—
PiDZItiie ' B P - S out —
P Embedding Model b ZBrain.ai Feedback

14



Limitations of Expert Systems

o Expert systems rely on human knowledge and expertise

Expert systems are limited by their programming

e Expert systems lack creativity and intuition

Expert systems require extensive knowledge engineering

Expert systems may not be able to handle all types of
problems




Artificial Intelligence
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Stage 3: Machine Consciousness

e

By

‘ﬂ'

Stage 2: Machine Intelligence

Advanced network trained to
‘i:). build ad-hoc models to learn )
;N from custom data <— We're here
B B ' (2016)
vy B o

&

Bots Siri Alexa Cortana

.y
. 3

A

R

User driven big data models for machine learning.

Three Stages of Al

@AmitPaka =




Artificial Narrow
Intelligence (ANI)

Stage-l

Machine
Learning

P Specialises in one area
and solves one problem

II {;} I%I

Siri Alexa Cortana

Artificial General
Intelligence (AGI)

Stage-2

Machine
Intelligence

» Refers to a computer
thatisassmartasa
human across the
board

Artificial Super
Intelligence (ASI)

aie )

Stage-3

Machine
consciousness

P An intellect that is
much smarter than the
best human brains in
practically every field




ARTIFIGIAL

INTELLIGENGE

* TYPES .
* HISTORY AND FUTURE




01

DEIEE
Collection

* All sources
of data

02

Data
Preparation

Data Driven Al Steps

03 04 05

Model
Validation

Machine
Learning

Model
Deployment

* Validated
Models are
deployed.

* Developed
Model is
validated.

* Different Tech.
are used

06

Continuous
Improvement

* Feedback from

the Model are
used to
redefine , Data
Collection,
Analysis, etc
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STAGE 1

L3

Computers that
can imitate
human intellect
and behavior

Artificial Intelligence

3 TYPES OF

STAGE 2 STAGE 3

- -
{ J ® - ‘
Statistical Subset of
algorithms that machine learning
enable Al which follows
Implementation neural networking

through data

SOURCE: MENTALSTACK



3 Types of

TECHNOLOGY
FOR ALL

Artificial Intelligence

-

Artificial Narrow
Intelligence (ANI)

4

MACHINE
LEARNING

Specialises in one area
and solves
one problem.

‘. T

Artificial General
Intelligence (AGI)

D
o

-

ologer] - Stage 2 - Stage 3

MACHINE
INTELLEGENCE

Refers to a computer
that is as smart as a
human across the

NS >

www.technologyforall.in | Call : +91-7416732468

board.

S %

==

Artificial Super
Intelligence (ASI)

3

MACHINE
CONCIOUSNESS

An intellect that is
much smarter than the
best human brains in
practically every field.

< 7
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TOP COMPANIES RECRUITING FOR GEN Al
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Companies - 50,000
Investors - 20,000
R&D Hubs - 2,500

Governmental

Organizations - 300

Al Companies

Investors

p

2 Al Industry
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Smart Robots
Responsible Al
Neuromorphic Computing
Prompt Engineering

Generative Al

Artificial General Intelligence
Decision Intelligence

Al TRiSM

Operational Al Systems
Composite Al
Data-Centric Al

Synthetic Data

ModelOps

Computer

wlyUail

Al Engineering

Al Simulation

Causal Al

Cloud Al

Knowledge Graphs Services Data Labeling

Neuro-Symbolic Al and Annotation

Multiagent Systems Intelligent Applications

Autonomous Vehicles
Al Maker and Teaching Kits

First-Principles Al
Automatic Systems

Peak of
Innovation Inflated Trough of Slope of Plateau of
Trigger Expectations Disillusionment Enlightenment Productivity

ulo)
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GenAl Native
Applications

Embedded-

Light LLMs

@ Open-Source L

GenAl
Applications
Al Molecular ® e Ai Multistage Model Hubs
Modeling Euablod LLM Chains Diffusion Al
Al Codle Virtua‘l Models
Generation' aqgistants Al Model as a Service

User-in-the-Loop
Hallucination ®
Management

Retrieval-Aug
GenAl Generation

Extensions

Prompt
Engineering Tools

Source: Gartner
© 2023 Gartner, Inc. and/or its affiliates. All rights reserved. 2683355
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POPULAR DATA MINING TOOLS

IBM SPSS PYTHON KNIME H20

IEM'S STATISTICAL PACKAGES FOR THE EASE OF USE HAS MADE PYTHON  KNIME'S USER-FRIENDLY FRAMEWORK WITH CUTTING-EDGE TECHNOLOGY,
THE SOCIAL SCENCES IS A HIT ONE OF THE MOST EFFECTIVE DATA FOCUSES ON DATA PIPE-LINING AND HIO0 HAS AN ENTHUSIASTIC USER
FOR LARGE-SCALE PROJECTS MINING TOOLS INTERACTIVE TABLES COMMUNITY

H,O

R

FREEAND EASYTO
PICK UP FOR

NON-PROGRAMMING
BACKGROUNDS

RAPIDMINER SAS ORANGE SPARK

AN OPEN-SOURCE PREDICTIVE THE DATA MINING TASKS IN SAS FREE AND IDEAL FOR BEGINNERS, SPARK ALLOWS YOU TO FLOAT THROUGH
ANALYTICS SOFTWARE FOR ARE GREAT FOR ENTERPRISE- IT HAS PRE-INSTALLED DATA OCEANS OF COLLECTED
DATA MINING PROJECTS LEVEL WORK MINING WORKFLOWS DATA WITH EASE
GLOBAL TECH www.globaltechcouncil.org

COUNCIL
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Copilot

Your everyday Al companion
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Ask any programming question

Codo snippet +

» Public repository

Private repository
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& Autodesigner 2.0 is here, The most popular Ul generator just got even better!

o Ulzord Miro ! ans Product ) Termplates Solutions Blog Pricing Contact sales Login *

Turn product ideas into
concepts instantly with GenA

Visualize, communicate, and iterate on wireframes and prototypes in minutes. Empower your
product team with Al!
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Count of Return on Assels

Financial Performance

Financial performance is a subjective measure of how well a firm can use assets from its

primary mode of business and generate revenues

Total Liabilities

2M

Net Income

4bn

Gross Profit Margin

5.28M-

Goal: 5281683 (+0.02%)

Return on Assets

0.8M
=
1.000 3 06
0.6N
'}
c
=
&
5 0.4\
s
-4
£ 02}
A

N
» o

Total & R

®

1172019

\N o
| o AR 24 - X
¥ POARMEN SRS

Date

12/31/2021

Total Assets

3.30M

Total Expenses

M

Net Income

Return on Equity

= o 2\
\ 3 .
) \\C\\ _.\"\ .
- At
Lt

R

g ‘

&
O A
S

o
O

350M

Dedt Equity Ratio

Year

2019 2020

Net Income by Month

Debt Equity Ratio




REVENUE

3.62M-

Total COGS

2.14M¢

Net Profit %

10.82%-

Net Profit

0.07/M-

Gross Profit Gross Profit %

1.48M- 40.83%

ZAN T
2, Metricalist

Balance Sheet

GOat 1.52M (+137.94%) Gool: 1.O6M (:102.33%) Goal: 0.46M (+219.4%) Goat 30.42% GoOt: 0.35M (+263.16%) Goak: -23.06%
Operating Profit Over Time Net Profit Over Time
@ Beverve @COGS IGross Promt % O Net Pror: IINet Froft %
Benchmark - ™M Spn
M m 1875% e ,:h 4083% 5.91%
vs Last TN L) % A~ -738%
New o 32':‘ - = .\‘"-‘.\"" it ™M —m
m- 3535% LU 3693% 3395% 3465% Cw--m s
AM 042w .2308% \
hoose E f oM :
c Entity/s e i L =] -.
All TR
& h h - L . i = h . :
2 ; ; > 5 =
Select Finanaal Year/s g § 2& ; zg _g é g _?2_ g <
All Qi) Qir2 Q3 Quré Qe Qte 1
2017 2018
Select Monthy/s
Al Assets & Liabilities G & A Expenses
12.293,620
25045853 24203532 822,321 e [
: Total Assets CurrentAssets  Fixed Assets 69,347,759 [aiiitani
- Overview - ) e Rent Expenses ]
795,404 2,686,247 221,798 Trade Recenvable  ERSSNRRN
Cash & Bank Bal. Deposits, Adv. &...  Inventory e Bt
Repar 3rg Mantenance
- Verice Cont
HCOme S et 25,045,853 20438233  -1,563,422 S
Liabilities & Equity  Current Liabilities  Non-Current 47,146,552 Communication
6,171,041 2,439,345 13,970,814 Trade Payabies  [INEECEE
Equity Prov. & Accruals Related Party Pybl Fnsncial Costs

Lnrer Bxperses ~14143




Revenue & Margin Analysis

Operational Revenue

" 1$9,681,527

Best Month: November
| $1,189,150

~  $4,018,847 e 2%

Month Name Team Supplier

| Al v] | Al v |Au V| 5 eduthex

Gross Margin Gross Margin %

of

Best Month: November Best Month: January
| $496,568 | 42%

SRR Feh Mar Apr May Jun Jul Aug Sep Oct Nov Dex Jan Feb Mar Ape Moy Jun Jul Aug Sep Oct Nov I

Jan Feb Mar Apr Moy Jun ul  Aug Seg t
R by T d Cat
Supplier Revenue Gross Margin GM % cibabpett bl b et
o= Category ® Drinks Food
Sweets Wholesale $476,384 N $227,055 48%
King Coffee $857,316 | $365,097 § Retail | S06M $3.9M
Kappa Drinks $878,548 B $495,336 56%
— Wholesales $3.0M
Saint Rose Food $2,344,964 $1.023,608 \
Two Brothers Mill $5,124,316 | $1,907,750 Online
Total $9,681,527 $4,018,847



PORTFOLIO DASHBOARD

) Al
PROJECTS BY GOVERNANCE PHASE PROJECTS BY TYPE
@ (Blank) ®1 - Proposal @2 - Selection @3 - Planning @4 - Execution @5 - Closing

Program
Agile

PROJECT TYPE
®Agile

@ Application Developm._

New Product .

@®Enhancement
10 10 Q 21 @ F=cilities Managament
@ Infrastructura
_ @ New Construction
Sl ® New Product Develop.
Infrastructure o ®Proaram
10 20 30 a0 50 60 Facikties Management Enhancement _
PROJECTS

Portal Development for New E-Commerce Business Alex Wilber 18-Feb-19 02-Dec-19 251160

Southbridge Central Bullding Facility @ Ldia Holloway 07-Jan-19 08-Jan-20 653790 ™A ],‘_‘. B &
Server Hardware Refresh for Paris Data Center & Alex Wilber 03-Jun-19 25-May-20 229712 Loz =5 5 2
Next Generation Robotic Picking System @ Lidia Holloway  26-Aug-19 01-Nov-19 361400 [0 =3 5 1
Cohe Health Assessment Tool @ Alex Wilber 14-Jan-19 11-Feb-20 110760 [, 2 e 6
Geothermal Sensor for Aerial Surveillance @ Ldia Holloway  21-Jan-19 05-Jun-20 242580 |2 > bz 4
Bay Plaza = Lidia Holloway  05-Jun-19 26-Aug-22 1183887 [, [#5 =5 ‘
gr;‘ployee Reporting Portal Upgrade for Contoso EU @ Lidia Holloway  08-Apr-19 08-Apr-21 539240 [, 2 ) 1
Be"cf'snouisﬁcs Analysis Tool @ Adele Vance 03-Aug-20  29-Sep-20 74360 |5 E B .
Customer Satisfaction Portal Development @ Alex Wilber 08-Jul-19 25-Sep-19 202150 [ =5 .5 7
Mineral Core Drilling Tool @ Lidia Holloway  06-Apr-20 03-Aug-21 319085 ;2 & =54 (
Online Payment Feature for E-commerce Site @ Christie Cline 19-Aug-19 07-Jan-20 21970 [ o2 = 1,

< >




Project Checklist

N
On-Time: AA ShOfGOdVOnce
Late:
il Start Performance Finish Performance
Date Missing: ? @0r-Tme @latz 03tz Missng @Percing/Future @0n-Tme Glate DR

Pending/Future:  (blank)

e T2

R R _
East Coast Productions 7 5 : East Coast Production

]
. :

Project Program Baseline Start Start On-Time Start Baseline Finish Finish On-Time Finish % Complete Project Manager -
Project 1 Central Productions 8/8/2016 8/10/2016 X 3/21/2017 3/25/2017 XK Lidia H

Project2  Central Productions 11/10/2016 11/10/2016 5/12/2017 5/10/2017 Mad Hatter

Project 3 Central Productions 3/6/2017 3/8/2017 X 8/25/2017 9/1/2017 Mad Hatter

Project 4 Central Productions 5/1/2017 5/1/2017 1/15/2018 1/15/2018 Lidia H

Project 5 Central Productions 10/1/2017 10/1/2017 3/21/2018 3/21/2018 James Doe

Project 6 Central Productions 11/5/2017 11/5/2017 5/30/2018 ? James Doe

Project A East Coast Productions  1/15/2016 1/15/2016 5/20/2016 5/18/2016 James Doe

Project AA  West Coast Productions 1/15/2016 1/12/2016 8/9/2016 8/9/2016 James Doe

Project B East Coast Productions  1/21/2016 1/18/2016 8/15/2016 8/15/2016 Alex W

Project BB West Coast Productions 1/21/2016 1/21/2016 5/30/2016 5/25/2016 Lidia H

Project C East Coast Productions  2/5/2016 2/12/2016 XK 6/25/2016 6/27/2016 X Henrietta M

Project CC  West Coast Productions 2/15/2016 2/10/2016 11/5/2016 11/1/2016 Isaiah L

Project D East Coast Productions  2/16/2016 2/2072016 XK 3/25/2017 3/21/2017 Henrietta M

Project DD  West Coast Productions 3/6/2016 4/1/2016 X 2/10/2017 2/25/2017 R Isaiah L

Project E East Coast Productions  2/22/2016 2/22/2016 4/10/2017 9/5/2017 X Christie C ¥




S’ ABC Inc #38 Demographics ‘

\ Tooltip : Select a Segment Home

Customer Density Map  (2) (Hover or dlick on a state)

No. of Customers Average Age  Average Income Gender

Mode of Communication

@E-Mails  Texts Mails

Education

Avg / Customer
o

Counties with the State | % of Customers | Mean Income | Mean Age

most customers : | $118621| 3599
| $124,160| 3491

$134214| 3417

$127,500 37.64

$149,938 3538

w

3
E




RFM Analysis

Recency
Frequency
Monetary

287

Potential Loyalist

241

Avg Value Vs Score (R) Avg Value Vs Score (F)
Avg Frequen Average Monetary (M) v v
» 2 )
z 3
. ~ )
RFM Segmentation = s
w
Segment @At Risk @Cannct . @Champi_ @Hbena. @Lost cus.. @Loyal ®@New Cu.. @Potentia » é ‘ g
Y400 s ® 1
) l <
R Score F Score
H Profit (R Score) Profit (F Score)
= 16
o
)
23
o 0.AM
e
$
< o = 0AM
2 F
« a
4 = =
- I | I
- .6
4 R Score F Score

Average of FValue

Average of MValue

Total Profit

N

Hibernating custo Champions Lost customers

X

New C

Avg Value Vs Score (M)

‘ 1

M Score

Profit (M Score)

P 4

M Score




CUSTOMER RISK ANALYSIS: WHO ARE MY CHURNERS?

CLIENT PROFILE

3174 &8

CHURNER PROFILE

1869 &3

DEMOGRAPHICS

49.3% (

PHONE SERVICE

Yos L) ——

No 9.9% L—» |

Online security Onlne backup Device protection

37%

Paperless billing

31.8% Yes 516w

No A64%

25.3%

AVG monthly
* Month-to-month charge
o One yoar

Two yoar

$61.27 SETETS

Tenure bins (10y)

" 12% 1"
155

Tech support Streaming movies

Streaming TV

37% | 37%

Mailed check 5258

Electronic check 2508

Credit card (automatic) 24.9%
Bank transfer (automatic) 24.9%

AVG tota
charge

DEMOGRAPHICS

PHONE SERVICE

Do they have multiple lines?

Yes 90.9% —> |

No 9.1% — =

Online securtty Onlne backup Device protection

' 16% 28% 29%

CONTRACT TERMS

Paperless billing
8.9%

Yes TA9%

No 251%

AVG monthly
* Month-to-month charge

o One yeour

Tenure bins (10y)

Tech support

17%

Electronic check
Malled check
Bank transfer (automatic)

Credit card (automatic)

$74.44

Streaming TV

Streaming movies

" 44%

S7.0%

AVG total



H H Revenus Last year Revenue, Revenue and evolution by Calendar Montti
Bl[ulwilzc
t Architects OLY Reverwe @Revenue  LYC % Revenue
e PO I NS 2 2 LM 100.00% |5,
B
10%
R Delt Profit Delt M
Fiscal Year O 640/ 0 ] 30/
v | $3M L
2013 . 0 ; 0 N
2014 -
2015 .
%
W 2016 aross Profit $1M
2017 ,
$ ] 5 49 M ! ‘I 00.00% oM o o~ g;“’ < P 10%
. -4':'-‘5\() _A;‘LO\H .-0}\.\ ; "Q\u ,(Li)\ 0\\\ ’.“'\ “\\‘0 Cl'! 9 »5}\\\: ‘.-‘jl .Q
(-42.25%) C C 2 c C C o ¢ c P
Buying Group Revenue breakdown by Fiscal Year sross Profit Margin evolution by Fiscal Month and Fiscal Yeat
Select All ®Gross Profit @Cost of Goods Sold @Gross Profit Margn Fiscal Year ©2013 @2014 ®2015 92016
N/A $60M 48.5%
Tailspin Toys
49%
Wingtip Toys d
45.6%
$A0M
Brand sa.4% | | 49%
Select All ik
N/A -
Northwind o
oM 49.0%
2013 2014 2015 2016 01 o2 03 o4 05 06 o7 o8 09 10 1"

Sales by yeor Sales by yer table Selen by saberperson Saies by saberperson tabsle Saes by produdt Saies by customes




Pandata

G!OUp % of all stores
Report Made By

Rvan Durkin

50.06




SAMPLE SUPERSTORE SALES KPlI DASHBOARD Baehbon Yoor Bagion e it
2017 ~ All N~ Al ac
S09 26K 39S
13.42%
733.28K &y 127:4% 391
o ooMm 2 30M 0.00% 100.00% 000 - 700
Profit Ratio by State Sales and Profit by Month
@ sSzies Profit
UNITED STAT S8 -’
I,—'v: . >0
o Sorgosso Se
Geulf of O
= Mexico 23 ; _ 2 X :\\., _— =S == 3 __;,‘ _;;'—" - e o= . R
> Bing T & 2017, Microsoft Corporation Terrs E 3 2
Average of Discount by Month Sales and Profit by Sub-Category
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Sales Dashboard November 2019 - August 2020

@® |;mnN
Sales on the Timeline (with Forecast)

1CCM
SON
Jan 2020 Mar 2020 May 2020 Jul 2020 Sep 2020 Nov 2020
@ Rusty © Market Period

Sales by Brand Sales by Store

;\“E;__»"dcsfw BetsyLulu izzy, Tess Ert'nd Olive Tesco Biedronka
2 LadyFrankieCody

z\p{):lr_‘,:a by
Store @Tesco @ Biedronka @ Carrefour

Sales by Store & Brand Top 5 Brands

Market Growth (Last Month vs Dec 19

—

®L®

click May to see Top 5 by month!
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Artificial Intelligence
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Artificial Intelligence
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Ethans

Learn from experts

FUTURE SCOPE OF
ARTIFICIAL
INTELLIGENCE




FUTURE TECH,

Data Driven Al in Healthcare

=4
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Figure 2: Evolution of selected MLLMs over the past five years, where colored branches indicate different alignment
stages. For models with multiple alignment stages, the final stage is represented.




Values Realized by Al Leaders and Other Leaders

Increased Productivity
Through Automation

Improved
Decision-making

Improved Customer
Experience

1 44% ©

Developed New

® 36%

| 41% ———

Data-driven Business
Models

| 40% ©

A TECHMENT TECHNOLOGY

® 33% | Increased Agility




Thank You

For Your Time
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